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Text Mr. Brown  said to - her
Category NP NP VBD IN PPO
Category

51 51 79 41 65
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prediction

N-gram
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text Mr. Brown said

Category 51 51 79

0 1
i( — __ ) ----------------- ( -- ) ———— - Output Layer
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@ e ) Input
1 2 e 1. 79 89 layer
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Category 66

X6 NETgarm®D=Fx&E (Trigram 7 /L)

10



=1 HFETHEITE =7 LIZEEND
BT — 5%

512 | 441,257 (62.6) 3,673 ( 0.5)

1,024 | 442,028 (62.7) 5,610 ( 0.8)

2,048 — 8,727 ( 1.2)

Trigram 4,096 | 456,831 (64.8) 12,944 ( 1.8)
6,144 — 16,210 ( 2.3)

8,192 — 18,013 ( 2.6)

30,000 | 456,509 (64.8) | 21,892 ( 3.1)

512 4,915 (62.1) 973 (12.2)

1,024 4,973 (62.8) 1,273 (16.6)

2,048 — 1,697 (21.4)

Bigram 4,09 | 5,074 (64.1) 2,135 (27.0)
6,144 — 2,430 (30.7)

8,192 — 2,568 (32.4)

30,000 5,217 (65.9) 3,347 (43.2)

( R BT —2BOET - 2ICHT 2EE(%)

11




4. NETgram% FI\\ 7z HMMZE BL 88 E@E&&@Eﬁz%

HMM % v 7 BERMAS R & NETgram(b 5 v SHEEE 7 1) 12 & 5 BHT
WA & FoBHFEF 2 RET 5, (H7)

X i FEHOBEEY wi, A7) —(RERTIEEFAFS)E C; & L. Trigram

DRETFUE, 7% Db wig, wig 18 < ETE w; 0 MBS Plw; wi.0 wi.g) % Lh
—F@J:’) Iz FI:'ﬂJ\Va—;u)o i :

P(w;[w;.g wi.1)
= P(w; [ Ci2Cit)
= P(C;[Ci.2Ci.1)
X{P(w;[Ci.9Ci.1) | P(C;[Ci.2Ci.1)}
= P(C;[Ci.2 Ci.1) { P(wy) | P(Cy) }

TV, wig, wllﬁ‘%%(ﬂ”éﬂ% wl®ﬂjﬁﬁﬁ4 . W F T — Cig,Ci1 75
ODT(EIJJ: LCEfpans,

P(wi/wi-g wi-1) = P(wi/Ci-é Ci.1)
$7. w OWBEEL . COHBRED 5 UT0REMNE T 5,
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T ZTiE, Plwifwigwiy) OFEE L) ST, 2 EFET 5,
ST; = log P(C;i[Ci.2 Ci_1) + log( P(wy) / P(CY) )

DI _E i3 Trigram € F )V OEBAETH 55, n-gram TF VDOV T b
P(Ci[Ci-2 Ci1) & P(Ci[Cin-1) Cistn-2) - Cig) BEHR Z T 10 & Y FRRICH
BTEL,
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2 EBESETREIVCES

=H ,
B E DN ERER (%)

Model

Training
Sentences

NETgram

Statistical
Model

Trigram

512

86.3 (0.005)

85.5(0.002)

1,024

86.9 (0.008)

 85.4(0.002)

2,048 |

- 86.2(0.003)

4,096

86.9 (0.011)

86.6 (0.006)

6,144

86.9 (0.006)

8,192

87.5(0.006)

30,000

87.2(0.009)

87.7 (0.006)

Bigram

512

85.7 (0.004)

86.0 (0.003)

1,024

86.5 (0.001)

86.3 (0.005)

2,048

86.6 (0.007)

4,096

86.9 (0.006)

87.3(0.014)

6,144

87.5(0.011)

8,192

87.7(0.011)

30,000

86.9 (0.008)

87.7(0.011)

(. o DAX S &ZRT
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R3 WEBEROWEF SN -EEDH
(FREBAEEFE D)

Prediction | Training dl m
Model |Sentences|@" on wi
3 12 6 9
512 0 7 5 2
NETgram 1,024 1 7 5 4
4,096 1 5 5 3
30,000 1 5 5 3
Statistical 512 2 10 4 2
Trigram 1,024 2 10 4 6
' 4,096 1 9 3 2
30,000 2 6 4 3
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CFHEFN QBB T - 2% L AR AE T AT AV, 22

T, BETFHET NV 0)”"“77‘-— 7 &L THB0% M EHE L & %A & 9 12 Brown
Corpus 2 H X & B L TE- 72 FH 77— ¥ THEE %T)Iﬂi»ﬁﬂ)%%ﬁl,f{ .
ERLUTIRT o : .

B X 2R+ it Lo CHRBEOBLEEE S 5, $8I2 Bigram 122D W T
HERECHEL T b, FAC, ZOERTHY 288 7 — ¥ T NETgram 0%
BEITI LI LVEBELMETE L EMPHFTE 5,

x4 n:un"izd)ﬂﬂi?i%(%)
(FE=RET 7 IL)

Model |soromeds| Foase | 25200
512| 85.5 —_

1,024 85.4 86.3

2,048] 86.2 | 86.9

Trigram 4,09| 866 | —

6,144 86.9 —

8,192 87.5 —

30,000 87.7 —

128 —— 86.2

512 86.0 87.6

1,024 86.3 88.0

Bigram 2,048| 86.6 87.7

4,096| 87.3 87.9

6,144| 87.5 —

8,192 87.7 —

30,000 87.7 —e
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FEEABIC & B EEEREEXL

Hello.

Hello.

I would like to attend the conference.

Would you like us to send you the details?

Yes, please. Could you tell me how I make an application?
We will send you an application form.

Thank you. I don't intend to give a paper, so is it all right if I just attend as a
listener?

Yes, itis. You can register and pay at the conference in August.
How much is the registration fee?

$100 U.S.

Isit possible to pay in yen?

I'm sorry, but we would like you to pay in dollars.

Isit $100 for three days?

That's right, hotel and food expenses are extra.

Isee. IfI can only attend on the first day, is it possible to make a cancellation?
Do you mean be entitled to a refund?

Yes, is it possible to get 2/3 of the fee back?

I'm sorry, but it is not possible. ‘

I see. What language will the conference be in?

Both English and Japanese.

I do not have an English capability. Will simultaneous interpretation be
provided?

Yes.

I would like to converse with some of the participants. Will I be able to have an
interpreter at my disposal?

Yes.

Isee. Thank you very much.
Do you have any other queries?
No, thank you.

0.K. Goodbye.
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£1$2%-2 Brown Corpus Text Database

O Informative Prose

- Press : Reportage

« Press : Editorial

- Press : Reviews ( theatre, books, music, dance )
+ Religion

- Skills and Hobbies

, Popﬁlar Lore |

+ Bells Letters, Biography, Memoirs, etc.

- Miscellaneous '

- Learned

O Imaginative Prose

- General Fiction |

- Mystery and Detebctive Fiction
- Science Fiction

- Adventure and Western Fiction

- Romance and Love Story

- Humor
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{t4%-3  Brown Corpus (C & |+ 2 &Lz@D 0¥E

AR EA B aHEARE S ECOF k|
1 XE(;?.1)
2 ( ZEALIER
3 ) AL
4 * not
5 - Fya
6 . arv
7 i
8 ABL pre-ZERREE( quite rather )
9 ABN pre-ERREE( half all )
10 ABX pre-EERREA( both )
11 AP post-iRTEET( many several next )
12 AP$ FiE1&post- A E
13 AT yEEL
14 BE be
15 BED were
16 BEDZ was
17 BEG being
18 BEM am
19 BEN been
20 BER are
21 BEZ is
22 de F{i#k#taA( and or )
23 CD EHEA( one two 2)
24 CD$ PR A8 EHER
25 cS fEfiEREE( if although )
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% REG ) smEa (D 1E4R

26 DO do

27 DOD did

28 DOZ does

29 DT HEUREF( this that )

30 DT$ PR AR EBURE

31 DTI HBURTEERAEEURET( some any )
32 DTS BECRTEEF( these those )

33 DTX RTE 2)/ABRESE A IERERA( either neither )
34 EX FED there

35 FW 54KRE

36 HV have

37 HVD had (&%)

38 HVG having

39 HVN had (3827 5)

40 HvVZ haz

41 IN A& R

42 1 IZSE

43 JR B A

44 1S BRRRVR EARFSEF( chief top )
45 0T T Rs3RRVER LRk EEE)( biggest )
46 MD i%=BhEIEA( can should will )

47 NN H#. BERH

48 NN$ EREER. HEXH

49 NNS B

50 NNS$ FhEREEH G
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AR A AnAlE - EEROER
51 NP EH &5
52 NP$ FrAtRER &
53 NPS BEHEH B
54 NPS$ PR REER B
55 NR RIFA8955( home today west )
56 NR$ FrEARRIFE R
57 NRS BEEIFAR &
58 oD FREEE( first 2nd )
59 PN L5091 %5E( any- every- no- some- )
60 PN$ B SE R S v
61 PP$ AhE1E AFMCHEE( my our )
62 PP$$ sE2FhE1E AFRMLEE( mine ours )
63 PPL EHFRAABE AR myself )
64 PPLS BEHEIRAABATMLRT( ourselves )
65 PPO H AR AFLEE( me him it them )
66 PPS 3AFRBEEEIELBF he she it one )
67 PPSS FEARAFMCZEABAFRUAN) (| we they )
68 QL ERREA( very fairly )
69 QLP post-TEFREA( enough indeed )
70 RB &z
71 RB$ P18 &I
72 RBR teER ey Rl
73 RBT B LARAYEIE
74 RN % 5aAYEIEE( here then indoors )
75 RP BIFR/AZ{LER( about off up )
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AHRA|EE arRalE S EEC R -]
76 TO AEFED to
77 UH AR
78 VB RG]
79 VBD BhER(GER)
80 VBG BRRl(IR7ES . Ehi)
81 VBN EER(BE D)
82 VBZ E)RA(3 A FRHBERTE)
83 WDT WHRZEF( what which )
84 WP$ FRERRWHEE( whose ) |
85 WPO H A WHLZE( whom which that )
86 WPS FHRWHAZF( who which that )
87 waQL WHEERRE( how ) |
88 WRB WHEIFE( how where when )
89 NEDT Y
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